This paper demonstrates the feasibility and usefulness of survey research asking respondents to report voting probabilities in hypothetical election scenarios. Posing scenarios enriches the data available for studies of voting decisions, as a researcher can pose many more and varied scenarios than the elections that persons actually face. Multiple scenarios were presented to over 4,000 participants in the American Life Panel (ALP). Each described a hypothetical presidential election, giving characteristics measuring candidate preference, closeness of the election, and the time cost of voting. Persons were asked the probability that they would vote in this election and were willing and able to respond. The researchers analyzed the data through direct study of the variation of voting probabilities with election characteristics and through estimation of a random utility model of voting. Voting time and election closeness were notable determinants of decisions to vote, but not candidate preference. Most findings were corroborated through estimation of a model fit to ALP data on respondents' actual voting behavior in the 2012 election.
Introduction
Social scientists viewing voting from a purely instrumental perspective have long struggled to understand why persons vote in large elections and why turnout varies across elections. Theories of instrumental voting suppose that each person evaluates the candidates in an election, ranking them in preference. Researchers have commonly assumed that voting has instrumental value only if it is pivotal; that is, if a person's decision to vote would change the winner of the election.
1 Following Downs (1957) , the literature has become voluminous. See Aldrich (1993) , Feddersen (2004) , and Geys (2006a) for review articles.
Expectations of election outcomes loom large in the usual formalization of instrumental voting as maximization of subjective expected utility. In a two-candidate election, the expected instrumental value of voting is the differential utility that a person associates with election of his preferred candidate multiplied by the subjective probability that he places on the event that his vote would be pivotal. However, the expected utility model cannot realistically explain observed variation in turnout across elections when the electorate is large. Being pivotal means that the vote totals for the two candidates differ by no more than one vote. When the electorate is large, this outcome is extremely rare historically and extremely unlikely prospectively. Hence, the expected utility model can explain variation in turnout only if one supposes that persons tend to 1 A broader view of instrumental voting might conjecture that a potential voter considers not only who wins the election but the vote margin as well. The voter may anticipate that the behavior of the winning candidate in office will depend to some degree on the strength of the mandate that he receives from the electorate. From this broader perspective, voting has instrumental value if it is pivotal or if changes in vote margin affect the winner's behavior.
grossly overestimate the chance of being pivotal, perceive negligible costs to voting, or enormously prefer one candidate over the other.
2
Early on, concern with the adequacy of purely instrumental theories of voting motivated researchers to consider expressive aspects of voting. Riker and Ordeshook (1968) did so in a simple manner by supposing that persons need not perceive the activity of voting to be costly on net. Compensating for the fact that voting takes time and may be costly in other respects, persons may view voting positively as an act of civic duty or as a means of expressing political identity. This idea has been carried forward by Fiorina (1976) and many others.
Once research becomes open to the idea of expressive voting, the difficulty in studying decisions to vote changes from the unreality of a purely instrumental explanation to discrimination among a plethora of explanations conjecturing some form of expressive voting.
As a consequence, there is today no canonical theory of voting. Instead, there are numerous hypotheses and empirical studies with different foci. Some researchers estimate regressions or perform meta-analyses that seek to measure the extent to which voting decisions vary with many person and election-specific factors. See, for example, Matsusaka and Palda (1999) and Geys (2006b) .
When performing empirical research on voting, it is natural to think first of analyzing data on actual elections. Aggregate data on turnout at the district or other geographic level are 2 An isolated exception to application of the expected utility model is the Ferejohn and Fiorina (1975) formalization of instrumental voting as minimization of maximum regret. Here the voter does not base the voting decision on probabilistic expectations for the election outcome. Rather, he chooses to vote if he thinks it is logically possible that he would be pivotal and if he perceives that the cost of voting is less than the utility loss he would suffer if his less preferred candidate were to win. Being pivotal is logically possible even in a large electorate. Hence, the minimax-regret model predicts that persons vote when the strength of candidate preference exceeds the cost of voting.
readily available. However, these data do not describe individual voters and hence are not wellsuited to study interpersonal variation in decisions to vote. Given these limitations of data on actual elections, we think it useful to also perform empirical studies that pose hypothetical election scenarios and ask persons how they would vote in these scenarios. Data of this type can overcome the three limitations of data on actual elections. The researcher can pose many more scenarios than the number of elections that persons actually face. The researcher can design the scenarios to exhibit considerable variation in the characteristics of candidates and other aspects of the election. And one can pose scenarios that hypothesize an isolated election.
Of course studies of voting in hypothetical elections are not a panacea. One concern is that the responses that persons give may differ from the way that they would actually behave.
Another is that the scenarios that a researcher can pose in practice inevitably omit some features of the environment that a person would face in an actual election. These concerns are legitimate, but studies of hypothetical elections can still usefully add to the empirical evidence currently available for analysis of decisions to vote.
The broad precedent for our study is a long history of applied econometric research that poses choice scenarios, asks persons to state the choices they would make in these scenarios, and uses the data to estimate random-utility models of choice behavior, in the same manner that data on actual choices would be used. See, for example, Beggs, Cardell, and Hausman (1981) , Fischer and Nagin (1981) , Louviere and Woodworth (1983) , Manski and Salomon (1987) , and
Ben-Akiva and Morikawa (1990).
Our specific precedents are the methodological and empirical studies of Manski (1999) and Blass, Lach, and Manski (2010) . Manski (1999) reasoned that stated choices may differ from actual ones because researchers provide respondents with different information than they have when facing actual choice problems. The norm has been to pose incomplete scenarios, ones in which respondents are given only a subset of the information they would have in actual choice settings. When scenarios are incomplete, stated choices cannot be more than point predictions of actual choices.
Elicitation of choice probabilities overcomes the inadequacy of stated-choice analysis by permitting respondents to express uncertainty about their behavior in incomplete scenarios. Manski (1999) showed how elicited choice probabilities may be used to estimate random utility models with random coefficients. Blass, Lach, and Manski (2010) used the methodology to estimate consumer preferences for electricity reliability. The present paper uses it to estimate a random utility model of voting decisions, the data being voting probabilities in hypothetical elections.
The broad idea of measuring choice intentions probabilistically has much precedent, dating back to Juster (1966 The ALP sampling process yields a wide spectrum of participants. However, respondents over-represent some demographic groups relative to others. The first column of Table 1 describes the composition of the 4,329 participants who responded to at least one of the three survey waves that posed hypothetical election scenarios. These waves were conducted several weeks apart in November and December 2012 following the presidential election. Only U.S.
citizens were invited to respond to the election questions.
Relative to the population of the United States, the participants were more often female (60 percent) and college educated (37 percent with 16 or more years of schooling compared to 28 percent in the 2010 census; U.S. Census Bureau, 2013) . They were similar in terms of ethnic group (12 percent Black and 17 percent Latinos) and proportion of adults above age 65 (18 percent). Among panel members who participated in at least one of the three waves with hypothetical election scenarios, 60 percent participated in all waves and 24 percent in two.
[ Figure 1 shows the screen that participants saw with the characteristics of the election.
[ Figure 1 here]
Respondents faced eight distinct scenarios in each survey wave, totalling twenty four in all. The thermometer rating for Candidates A and B respectively could take two different values (60-40 and 20-80) . The polling data included the percent chance that A will win the election (with one of the three values 70%, 50% and 30%) and the percent chance that the vote margin between the two candidates will be less than 2% (with one of the two values 25% and 85%). The time required to vote was specified as the percent chance that it will take less than one hour to vote (with one of the two values 10% and 90%). The twenty-four scenarios represent all possible combinations of these values.
Voting intentions for each scenario were elicited using a probabilistic format with the following question:
In this scenario, what do you think is the percent chance that you would go to your voting place and vote in the hypothetical presidential election?
Probabilistic polling is an alternative to verbal questioning that asks persons to state, in percentchance terms, the likelihood that they will vote and for whom. The objective is to provide readily interpretable, interpersonally comparable, quantitative measures of the uncertainty that persons perceive about their voting behavior. Delavande and Manski (2010) found that responses to traditional verbal polling and probabilistic questions regarding an actual presidential election were well-aligned ordinally. Moreover, the probabilistic responses predicted actual voting behavior beyond what was possible using verbal responses alone.
The item non-response rates in our study are very low, varying between 1.5% and 4.6% depending on the scenario. Thus, respondents are willing to express their voting intention in probabilistic format. A bit of respondent fatigue over the 24 scenarios can be seen, with a slight increase in the item non-response rate at wave 3 (above 3.2% for all 8 scenarios) compared to wave 1 (below 2% for all 8 scenarios), but nonresponse was still quite low even in wave 3.
To assess the reliability of responses to the questions about hypothetical elections, we repeated in waves 2 and 3 a scenario that respondents had already encountered in wave 1. We found that 47 and 50 percent of the respondents provided the exact same responses at waves 2 and 3 respectively. The median differences in answers compared to wave 1 were 0 at both waves 2 and 3, and the mean differences were 1.7 and 0.5 respectively. These very small differences give re-assurance that participants thought about the scenario and answered seriously. Further evidence that participants answered seriously will be given in Sections 2.3 and 3.4, where we compare voting probabilities in the hypothetical scenarios with actual voting behavior in the 2012 election.
The Analytical Sample
Inspecting the voting probabilities that persons reported across the scenarios in which they participated, we found that 72.7 percent (3117 persons) sometimes expressed uncertainty about whether they would vote. Of the rest, 26 percent (1130 persons) gave a 100% chance of voting in every scenario and 1.7 percent (75 persons) always gave a 0% response. A negligible 0.002 percent (7 persons) reported 100% to all scenarios in one wave and 0% to all scenarios in another wave.
Our analysis of voting decisions focuses on the first group, whose voting probabilities vary across scenarios. We refer to this group as the analytical sample. We call the second group always voters and the third group never voters. It seems evident that the decision to vote for always voters and never voters are based on different criteria than those we study. The fourth tiny group appear not to have answered the survey seriously, so we call them non-credible respondents. Table 1 describes the characteristics of the four groups. Always voters are more likely to be white, non-Latino, older and more educated than are members of the analytical sample.
Consistent with their answers to the hypothetical scenarios, 99 percent of the always voters reported that they actually voted for president in 2012. Never voters are more likely to be white, non-Latino, younger and less educated than are members of the analytical sample. Consistent with their answers to the hypothetical scenarios, only 9 percent of the never voters reported that they actually voted for president in 2012. The group of non-credible group is too small for its characteristics to be usefully compared with the other groups.
Relative to the population of the United States, the composition of the analytical sample is more female (61 percent) and college educated (34 percent with 16 or more years of schooling). The group is more likely to actually vote than the general population. Whereas 81 percent of the analytical sample reported in a post-election survey that they had voted for president in 2012, the national turnout is estimated to have been about 58 percent (McDonald, 2012) . The analytical sample also appears more Democrat than the general population, with 60 percent reporting having voted for Barack Obama, compared to 51 percent in the general population.
Figure 2 presents the distribution of voting probabilities in the analytical sample across the twenty-four election scenarios. It shows overall high voting intention. The most common answer is 100% (26 percent of the answers), followed by 50% (11 percent) and 90% (10 percent). Figure 2 also shows substantial heterogeneity in voting probabilities and use of the whole range from 0 to 100%. The median and mean responses are 85% and 72% respectively.
[ Figure 2 here] 3. The Decision to Vote
Univariate Variation of Voting Probabilities with Election Characteristics
As prelude to specification and estimation of a random utility model of voting, we examined how voting probabilities vary with each election characteristic given in a scenario, taken one at a time. Table 2 presents the findings, which hint at what we will find with formal modelling of decision making. Each row of the table holds one election characteristic fixed and presents the mean, median, and other quantiles of the voting probabilities across all scenarios having the fixed characteristic. The row sample sizes are quite large, being about 29,000 for those characteristics that take two values in our design and 19,000 for the election-closeness characteristic that takes three values.
[ Table 2 here]
Travel time yields the largest variation in voting probabilities. The mean voting probability is 75.2% when the scenario specifies a 10% chance that voting will take more than one hour and is 68.0% when it specifies a 90% chance that voting will take more than one hour.
The median voting probabilities are 90% and 80% respectively.
Each scenario provides two measures of the closeness of the election---the chance that each candidate will win and the chance that the vote margin will be less than 2 percent. Voting probabilities vary more with the former than with the latter. The mean voting probability is 73.4% when the poll states an even chance that each candidate will win and is 71.2% or 70.1%
when the poll states that candidate A or B respectively is favoured to win. The median voting probability is 90% when the poll states an even chance for each candidate and drops to 80%
when one candidate or the other is favoured. The specified chance that the vote margin will be less than 2% barely affects the mean probability of voting, it being 71.9% when the poll gives a high chance of a small vote margin and 71.3% when it gives a low chance. The median voting probabilities are 85% and 80% respectively.
While the magnitudes of these univariate associations vary, the directions are all consistent with usual thinking about instrumental voting. The findings regarding candidate preference are a slight anomaly. Theories of instrumental voting predict that persons have more incentive to vote if they strongly prefer one candidate over the other. Using the feeling thermometer to indicate strength of candidate preference, however, we find that voting probabilities tend to be a bit higher when preference is weak. The mean voting probability is 72.2% when candidates A and B have 60/40 ratings and 71.0% when they have 20/80 ratings.
The median voting probabilities are 85% and 80% respectively.
The Random Utility Model
Specification and estimation of a random-utility model of decision making provides an effective way to investigate how election characteristics and personal attributes jointly influence voting probabilities. We use the same model structure and estimation methods as Manski (1999) and Blass, Lach and Manski (2010) .
To begin, we assume that the utility of individual i from alternative j (j = 1 if i votes and 0 otherwise) has the random-coefficients form
Here x ij is a specified function of election characteristics and personal attributes that are Eliciting voting probabilities enables ALP respondents to express uncertainty about ε i , and, hence, about their voting behavior. It permits a person to treat ε i as a vector of utility components whose value is not known when responding to the choice scenario but which would be known in an actual choice setting. Formally, we assume that person i forms a continuous subjective distribution for ε i , say Q i , derives the subjective probability that he would vote in an actual choice setting, and reports this subjective probability as his response to a scenario. If person i has utility function (1), the subjective voting probability is the probability that he places on the event that the realizations of ε i will make voting optimal. Thus, we assume that the reported voting probability is
The standard practice in stated-choice analysis has been to assume that the components of ε i are objectively i. i. d. with the extreme-value distribution. Suppose that respondents make the same assumption subjectively. Then voting probability (2) has the logit form
Applying the log-odds transformation to (3) yields the linear mixed-logit model (McFadden and Train, 2000)
where β i = b + and u i1 = (x i1 − x i0 ) .
Finally, assume that the cross-sectional distribution of β, hence η, is statistically independent of x. Without loss of generality, set E(η) = 0 as a normalization. It then follows that b = E(β), E(u│x) = 0, and (4) is the linear mean regression model
If model (5) is taken literally, the mean preference parameters b may be consistently estimated by least squares, without need to assume anything about the shape of the distribution of β. This contrasts with standard econometric analysis, where the researcher must specify a parametric family of distributions for β. However, we cannot take the model quite literally. As shown in Figure 2 , respondents tend to round their responses to the nearest five or ten percent.
Such minor rounding has been found to be commonplace in elicitation of subjective probabilities; see Manski and Molinari (2010) .
Rounding of interior subjective probabilities (say, from 47 percent to 50 percent) is relatively unproblematic. However, rounding of values near zero and one raises a serious difficulty due to the sensitivity of the log odd function near the boundaries of the [0, 1] interval.
At the extreme, over a quarter of the respondents report voting probabilities equal to zero or one, thus generating log odds that equal minus or plus infinity. Hence, least squares estimation breaks down. 
whose parameters may be estimated by least absolute deviations (LAD). A well-known robustness property of the median of a random variable is its invariance to transformations that do not alter the ordering of values relative to the median. In our empirical analysis, we transform voting probabilities of zero and one to 0.001 and 0.999 respectively. 5 We then estimate model (6) by LAD to estimate the center of symmetry of the preference distribution. Tables 3 and 4 present estimates for a model that specifies x as a vector of binary variables describing election characteristics and personal attributes. As shown in Table 3 , the personal attributes measure sex, marital status, ethnicity, working status, years of education, and age. The specification includes four variables that summarize the election characteristics presented in a scenario: (i) strength of candidate preference, measured by a variable that equals one if the thermometer ratings for candidates A and B are 20-80 and zero if the rating is 60-40;
Model Specification and Parameter Estimates
(ii) closeness of the election, measured by a variable that equals one if the probability that A wins is 50% and zero otherwise; (iii) interaction of candidate preference and closeness of the election, measured by a variable that equals one if both variables (i) and (ii) equal one and equals 5 If y is a random variable with median M, then M is also the median of any function f(y) such that
This holds even if the function f transforms small values of y to -∞ and large ones to ∞, or vice versa. Hence, equation (6) continues to be the same linear median regression if subjective probabilities equal to zero and one are replaced by values close to zero and one. zero otherwise; and (iv) voting time, measured by a variable that equals one if the probability that voting will take more than one hour is 90% and equals zero if the probability is 10%.
The model does not include a variable measuring the polling report of the chance of a small vote margin. The univariate findings of Section 3.1 and additional exploratory analysis indicate that the information on the vote margin given in a scenario had negligible effect on voting probabilities. It could be that this was a difficult concept for respondents to grasp or that this is a piece of information that respondents ignore in real-life. Table A1 6 Recall that the unobserved component of utility in equation (4) has the form . ) (
Thus, the random parameter specification implies that u is heteroskedastic and that it is correlated across the scenarios faced by a given sample member. These features of u do not affect the consistency of LAD estimation but do affect statistical inference. We obtained the standard errors of the parameter estimates by cluster bootstrapping the sample. Cluster bootstrapping means that, to generate a pseudo-estimate of the parameters, we drew respondents with replacement from the actual sample of respondents and used the data on all of the scenarios faced by these persons to re-estimate the model. We repeated this process 500 times to generate 500 pseudo estimates of b. The reported standard errors are the standard deviations of these 500 pseudo estimates. presents alternative parameter estimates computed by least squares and shows similar patterns.
[ Table 3 here]
To obtain further perspective on the implications of the parameter estimates for voting, Table 4 shows how changing one variable at a time affects the predicted probability of voting relative to a baseline value of x and β. As baseline, we set β equal to the estimate of the center of symmetry of the preference distribution given in Table 3 . We set x = (female, married, working, white, non-Latino, aged 50 to 59, 13 to 15 years of education, with an election scenario where the ratings for candidates A and B are 60-40, the poll indicates that the election is not close, and the probability that it will take more than one hour to vote is 10%). The predicted voting probability for this baseline case is 91.6%. Varying the election characteristics one at a time, we find that increasing the voting time reduces the predicted probability of voting by 7.2%.
Changing the scenario to one where the poll predicts a close election increases the predicted probability of voting by 1.9%. Considering personal attributes, changing education to 12 years or less reduces the predicted probability by 7.7%, while changing it to 16 years or more increases the predicted probability by 4.2%.
[ Table 4 here]
Comparison with a Logit Model of Actual Voting
We observed in the Introduction that a concern with analysis of stated choice data is that the responses persons give when facing hypothetical scenarios may differ from the way that they would actually behave. In Section 2.3 we gave initial evidence of the consistency of stated voting probabilities and actual voting decisions, namely that 99 percent of the always voters and only 9 percent of the never voters reported that they had actually voted in the 2012 presidential election. In this section, we provide further evidence by examining the actual voting decisions of a sub-sample of 1923 members of the analytical sample for whom we have complete data.
In September-October 2012, ALP respondents were asked to report their personal thermometer ratings for Barack Obama and Mitt Romney. Table 1 shows that the mean response in the analytical sample was 54 for Obama and 41 for Romney (column 2). Persons were also asked to report the percent chance that it would take them more than an hour to vote. 7 Here the mean response was 17%. Thus, the ALP provides actual pre-election data on two of the election characteristics that we later specified in the hypothetical scenarios. Moreover, an ALP wave conducted after the 2012 election asked respondents whether they had actually voted. Table 1 shows that 80.7% of the analytical sample reported that they had voted. Table 5 presents estimates of a logit model explaining actual voting decisions as a function of personal attributes and the pre-election reports of candidate preference and voting time. The logit model assumes that utility is similar to but not precisely the same as the function U ij = x ij β i + ε ij given in equation (1). In particular, the components of ε i are assumed to be objectively rather than subjectively i. i. d. with the extreme-value distribution.
The components of x include the same personal attributes as used in the hypothetical choice analysis but the election characteristics differ. Rather than using binary variables to measure candidate preference and voting time, we measure candidate preference by the absolute difference in thermometer ratings between the candidates and voting time by the reported probability that voting would take longer than an hour.
[ Table 5 here]
The final difference is that the specification of x omits any measure of election closeness.
The ALP did not provide polling reports to respondents prior to the election. Even if it had, there would have been no cross-sectional variation in the data, making it impossible to estimate the effect of polling on voting decisions. This illustrates one of the advantages of studies of voting in hypothetical elections over analysis of actual voting data, as the former enables one to pose multiple scenarios that vary the content of polling reports.
Comparison of the parameters for personal attributes presented in Tables 3 and 5 is straightforward because, in both cases, the attributes are measured as the same binary variables.
The estimates are remarkably similar in most cases, not only in sign but in magnitude as well.
The two notable exceptions concern ethnicity. The model using data on actual voting decisions shows blacks and Latinos to place much higher utility on voting than does the model using data on hypothetical elections. We see a simple explanation for this finding, namely that Barack Obama was a presidential candidate who was very strongly preferred by blacks and Latinos. Our specification of scenarios for hypothetical elections did not provide information on the ethnicity or policies of candidates, information that voters possess when considering whether to vote in actual elections. Now consider the parameters for election characteristics, which are measured differently
in Tables 3 and 6 . In the case of voting time, the binary variable in Table 3 measures the effect on utility of increasing the chance that voting takes more than an hour from 10% to 90%. The quantitative variable in Table 6 measures the effect on utility of increasing the chance that voting takes more than an hour by 1%. The parameter estimates are -0.71 and -.014 respectively; both are statistically precise. To make the estimates comparable in scale, we need to multiply the latter one by 80% (the difference between 10% and 90%). Doing so yields -1.12. Thus, after appropriate rescaling, the two estimates are rather similar to one another.
In the case of candidate preference, the binary variable in Table 3 measures the effect on utility of changing the relative thermometer ranking of the two candidates from 60-40 to 20-80.
The quantitative variable in Table 6 measures the effect on utility of increasing the absolute difference of the rankings by one point. The parameter estimates are -0.11 and 0.014 respectively; both are statistically precise. To make the estimates comparable in scale, we need to multiply the latter one by 40 (the difference between |60 -40| and |20 -80|). Doing so yields 0.56. Thus, the two estimates have opposite signs. Whereas the estimate based on hypothetical election data is anomalous from the perspective of theories of instrumental voting, the estimate based on actual election data is consistent with theory.
Discussion
The most basic contribution of this paper is to demonstrate the feasibility and usefulness of large-scale survey research asking respondents to report voting probabilities in hypothetical election scenarios. Posing hypothetical scenarios substantially enriches the data available for studies of voting decisions. A researcher can pose many more and varied scenarios than the elections that persons actually face.
We found that ALP panel members were willing and able to respond to the scenarios posed. Three types of evidence indicate that participants took their decision task seriously. First, the responses had high test-retest reliability when a scenario from wave 1 was repeated in waves 2 and 3 (Section 2.2). Second, the extreme voting probabilities provided by always voters and never voters correspond well with the fact that almost all members of the former group and few members of the latter group actually voted in 2012 (Section 2.3). Third, most parameter estimates of our random utility model fitted to voting probabilities in hypothetical elections were rather similar to ones in a model fitted to actual voting data (Section 3.4). The dissimilarity of the estimates for blacks and Latinos is easily explained by the special circumstance of the Obama candidacy in 2012. The only open question is the source of the dissimilarity in the estimates for candidate preference.
Considering our empirical findings, we particularly call attention to the effect of voting time on decisions to vote. It is reasonable to expect that having to wait a long time would deter voting but, as far as we are aware, research on voting decisions has not previously quantified the effect. Quantification is important because policy choices---the location and size of polling stations, voting hours, provisions for early and absentee voting, and so on---can influence voting times considerably.
We find voting time to be an important determinant of voting decisions, with voting probabilities tending to be about 7% higher when voting time is short (90% chance of less than an hour) than when they are long (90% chance of more than an hour). This empirical finding is robust across data sources, appearing both when we analyze voting probabilities in hypothetical elections and actual voting in the 2012 election.
Our findings on how election closeness and candidate preferences affect voting decisions are suggestive but more tentative. Our specification of election scenarios included two measures of election closeness, the chance that each candidate would win and the chance that the vote margin would be small. We found that ALP panel members reacted moderately to the former measure and negligibly to the latter one. These reactions may describe how persons really use polling reports when deciding to vote. However, we think that a worthwhile direction for future research would be to explore how persons respond when alternative wording is used to convey polling information. In particular, we wonder if the negligible effect of predicted vote margin may have stemmed from the complexity of the phrasing of our scenarios, which specified the "percent chance that the vote margin between the two candidates will be less than 2%."
We similarly view as tentative our findings on the effect of candidate preference on voting decisions. Our use of the thermometer scale to measure candidate preference has much precedent in the American National Election Survey. We have no ready explanation for why the sign of the estimated effect of candidate preference on voting decisions differed in the models estimated with hypothetical and actual election data. Forecast by a major poll the week before the election Percent chance that Candidate A will win the election 70
Percent chance that Candidate B will win the election 30
Percent chance that the vote margin between the two candidates will be less than 2% 85
Time it will take you to go to voting place and vote Percent chance it will take you less than 1 hour 10
Percent chance it will take you more than 1 hour 90 *The predicted probability is computed for an individual with x = (female, married, working, white, non-Latino, aged 50 to 59, 13 to 15 years of education, with an election scenario where the ratings for candidates A and B are 60-40, the poll indicates that the election is not close, and the probability that it will take more than one hour to vote is 10%). 
